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Design of the Wavelet Transform Domain Sign Algorithm
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Abstract - This paper presents a method for
designing a multiresolution orthogonal wavelet
transform matrix and it is extended to the
establishment of the wavelet transform domain
sign algorithms(SA). It outperforms the conven-
tional sign algorithm, with performance compar
able to the LMS algorithm. Together with
Daubechies type 1 wavelet, we could also
save additional computations which are
required in transforming data.
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