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The study of discrete wavelet transform for the coding and the compression of
the audio data

Han Wook Baek, Chin Hyun Chung
Department of Control and Instrumentation Eng. Kwangwoon University

Abstract - This paper propose a new method
for the discrete signal Discrete Wavelet
Transform(DWT). This paper is a brief
introduction to the DWT and applies the DWT
coding for the audio data as an example. We
can have a number of hint about the
compression algorithm of multimedia resources
and the high performance of transmission and
storage.
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2.1.1 Pyramid Algorithm
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