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Abstract- In this paper, we treat image
segmentation as a graph partitioning problem.
and use the normalized cut for segmenting the
graph. The normalized cut criterion measures
both the total dissimilarity between the
different graphs as well as the total similarity
within the groups. The minimization of this
criterion can formulated as a generalized
eigenvalues problem. We have applied this
approach to segment static image. This
criterion can be shown to be computed
efficiently by a generalized eigenvalues problem
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