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In control of complex system, like robot manipulators, BP )
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neural network have several drawbacks. To overcome this
problems, the modified BP neural networks have proposed.
To find neural network of proper structure Jor robot
manipuiator, in  this paper, actual experiments using
ADSP~21020 for SCARA robot were implemented and have
shown the possibility of real~time control and industrial
application, without neural chip.
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Table 1. The computing time per the number of neuron
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