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An Estimation of Parameters in Weibull
Distribution using Gibbs Sampler
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density function: pdf)= t&3 2t}

AAA, B) =ABt? Lexp(— At#),0< t{ 00,0 A< 00, )< B 0 (2.1)
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2 FR3 9 293 poll A wlojz FPFL

- L 0
=N 2 20,5 (3.6)
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g5 e it (Gelman® Rubin(1992))

dA 1 otgde ARE 71Ed AFFT @ AZ7]|7d Wi 9/lle] mAAZEe)
t}.(Martz and Waller(1982))
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Aol 3, F9$-FA #(maximun likelihood estimate)
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