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An Enhanced Method for Linear Binary Neural Network Synthesis
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Abstract
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MSP term Grouping Algorithm
Obtain the initial LTU set where its elements are
terms of the MSP function;
REPEAT
FOR all existing set element pairs that are unate
and available for grouping DO
Obtain pair that has the smallest 4 value;
END FOR
Apply the RHS method to the selected pair;
(i.e., to check if pair is linear separable)
IF the pair can be grouped into a single threshold
logic unit THEN
Partition the LTU set which include the pair;
(i.e., the partition becomes an element of the
LTU set)
ELSE
Set pair is not available for grouping;
ENDIF
UNTIL(there exists no available element pairs for
grouping)
FOR all LTU set elements DO
Obtain a linear threshold unit using the RHS
method;
END FOR
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