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Abstract : In general, the design of fuzzy logic controller has difficulties in the acquisition
of expert’'s knowledge. So, some methods that can optimize the parameters for fuzzy logic
controller automatically without expert knowledge was provided. Recently, tuning method for
fuzzy logic controller using genetic algorithm(GA) were proposed in many papers. However,
those are tuning methods for a part or some part of fuzzy logic controller. In this paper, we
proposes auto tuning method for the whole part of fuzzy logic controller, such as parameters
of membership functions for antecedence and consequence parts, rule base, scaling factor and
the number of rule. Finally, second order dead time plant is provided to show the advantages
of the proposed method.
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Fig. 1. Block diagram of FLC
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Table 1 Initial parameters for simulation

PARAMETER VALUE
Sampling number 1000
Population size 100
Number of generation 200
Probabilities of crossover 0.95
Probabilities of mutation 0.2
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Table. 2 identified membeship parameters
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Fig. 4 The output of nonlinear system
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Table. 5 Performance comparison

Manually tuned FLC
0.007626

GA tuned FLC
0.003741
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