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Abstract

In this paper, we execute identification, linearization, and control of a nonlinear system using recurrent neural
networks. In general nonlinear control system become complex because of nonlinearity and uncertainty. And,
though we compose nonlinear control system based on the model, it is difficult to get good control ability. So
we identify the nonlinear system using the recurrent neural networks and execute feedback linearization of
identified model. In this process we choose the optional linear systems, and the system which will have to be
feedback linearized is trained to follow the linearity between input and output of the system we choose. We
use the neural networks as linear transformer. Once the plant emulator is linearized, we evalute the validity of
the feedback linearized system by applying standard linear control strategy and simulation. And we evaluate
the effectiveness by comparing the result which is linearized theoretically.
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