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ABSTRACT

This paper presents the fuzzy neural network which utilizes a fuzzified Kohonen learning rule and a
vigilance test. The fuzzified Kohonen learning uses a fuzzy membership value, a function of the
iteration, and a intra-membership value instead of a leafning rate. The IRIS data set is used to test the
fuzzy neural network. The test result shows the performance of the fuzzy neural network depends on k

and the vigilance parameter T.
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