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ABSTRACT

The performance of the failure detection algorithm may be greatly influenced by the model
uncertainty. It is very important to design a robust failure detection system to the model uncertainty.
In this paper, a design procedure to generate failure detection algorithm is proposed. The design
procedure suggested is based on the concept of the ‘threshold selector[1]’. The H% control algorithm
is used to derive a threshold selector which is robust to the model uncertainty. The threshold selector
derived can be used to develop a failure detection system together with the weighted cumulative sum
algorithm[3]. Computer simulation study showed that the failure detection system designed for an
ISA(Integrated Servo Actuator) system by using the proposed method is robust to the model

uncertainty.
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