Abstract

This paper propose a fuzzy regression method using fuzzy neural networks when a
membership value is attaéhed to each input-output pair. First, an architecture of fuzzy
neural networks with fuzzy weights and fuzzy biases is shown. Next, a cost function
is defined using the fuzzy output from the fuzzy neural network and the
corresponding target output with a membership value. A learning algorithm is derived
from the cost function. The derived learning algorithm trains the fuzzy neural network
so that the level set of the fuzzy output includes the target output. Last, the proposed
method is applied to the quality evaluation problem of injection molding.
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Gap depth of weld-line [sm]
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