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ABSTRACT

In this paper, we present a new design method to implement autoassociative memories based on BSB
neural networks., With a concrete mathematical model proposed after analyzing some new qualitative
properties of autoassociative memories, we reinterpret design of autoassociative memories as a constrained
optimization problem and use an evolution program as an optimal search tool to solve this. The proposed
method satisfies many of the criteria used to evaluate the effectiveness of a given associative memory and
has improvements with respect to correctness and performance. Comparing simulation results with other
methods, we demonstrate the effectiveness of the proposed method.
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