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Abstract

Generally, when we control the robot, we should calculate exactly Inverse Kinematics.

However, Inverse Kinematics calculation is complex and

it takes much time for the manipulator to

coritrol in real-time. Therefore, the calculation of Inverse Kinematics can result in significant

cortrol delay in real time.

In this paper, we will present that Inverse Kinematics can be calculated through Fuzzy Logic
Mapping, based on an exact solution through fuzzy reasoning instead of Inverse Kinematics
calculation. Also, the result provides sufficient precision and transient tracking error can be

controlled based on a fuzzy adaptive scheme proposed in

this paper.

Based on the Denavit-Hartenberg parameters specification , after the Jacobian matrix of
arbitrary manipulator is calculated, we will construct Fuzzy Inverse Kinematics Mapping (FIKM)

using fuzzy logic and represent a good control efficiency
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through simulation of 2-DOF manipulator.
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Table. I. DH Parameters for a 2-DOF,
Planar Manipulator
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