EYTx ALY

AR B3A4ELFF 9%y

'zey Eg Wass nsy qge PRIty
‘el AloiASEes, ‘naly) WAaetn

Tree-Structured Fuzzy System

Changho Jung1 , Seonghoon Kang2 , Jooyoung Park® , Daihee Park’

ABSTRACT

Conventional fuzzy systems have serious problems in dealing with the nonlinear approximations on
high-dimensional spaces due to the explosive increase of the number of fuzzy IF-THEN rules. In order to avoid
such problems, this paper proposes a tree-structured fuzzy system in which semi-local basis functions form its
basic elements, and develops a training algorithm for the proposed system based on the evolution program and
LMS rule. The experimental studies demonstrate the effectiveness of the developed methodology.
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