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Abstract
In this paper, we suggest a framework to represent the fuzziness in knowledge base as a
perspective of the object-oriented paradigm. We divide the knowledge base in two parts. One is
the object-base that stores the fuzzy propositions and the explanatory databases. The other is the
rule-base that manages the rules between the fuzzy propositions.
As the first step, we have to develop a new fuzzy object model that gives an easy way to

represent the fuzzy propositions, that is, the fuzzy knowledge in the real world.

Area: Fuzzy Information
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