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LEVEL LEVELS
FACTOR 1 2 3
A) Hidden Neuron 3 5
B) Learning Rate 0.01 0.02 0.1
C) Epoch 10000 20000 30000

Table 2 Control factor for the neural network

( Experiment 1 )
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1 1 1 1 1 E:
2 1 2 2 2 E;
3 1 3 3 3 E;
4 2 1 2 3 E,
5 2 2 3 1 Es
6 2 3 1 2 Eg
7 3 1 3 2 E;
8 3 2 1 3 Es
9 3 3 2 1 )

Table 3 Orthogonal array for experiment
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&9 FUE g 2 2H(%) of &2 ZH9%)
Vg 1.40 2.90
Eat 2.50 250
sid =9 3.17 410
e 1.80 350
D/H U =9 11.70 259
24 =49 2.40 4.00
D/H A =9 10.0 19.4
AZA 0.80 5.00

Table5 RMS training and test error rate for the final

neural network
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