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Abstract

Early decision support systems (DSS) were the
“passive” decision support systems in the sense that
the systems only able to do what the users explicitly
direct them to do.

But some researchers such as Raghav Rao et
al.[5] showed architectures to suggest general idea of
the innovative DSS systems which offer active form
of decision support, say, “active Intelligent Decision
Support Systems(active IDSS)”. The system can
perform not only what the users want to do but some
voluntary (or involuntary) intelligent works.

This paper presents the issues in the design of
the active IDSS in the domain of investment
evaluation, a domain area where few researchers
have suggested frameworks or architectures to
discriminate good investment from bad one.

We propose a new paradigm, by utilizing
historical investment results using neural network
and Multivariate Discriminant AnalysisqMDA), to
identify goodness of investment. A new active IDSS
architecture which consists of neural network, expert
system and three components of the traditional
passive DSS is suggested with some scenario based
results.
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3.2 Framework of Active IDSS
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