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An Experimental Study for The Defect Detection
J.S. Mock™ S.Y. Sa M.]. Leec B.H. Ryu

Abstract

The semiconductor, which is precision product,

requires many inspection processes. The surface

conditions of the semiconductor chip effet on the

functions of the semiconductors. The defects of the

chip surface is crack or void. Because general
inspection  method  requires many inspection
processes, the inspection system which searches

immediately and  preciselythe defects of the
semiconductor chip surface.

We propose the inspection method by using the
computer vision system. This study presents an
image processing algorithm for inspecting the suface
void) of the

The proposed image processing algorithm

defects(crack, semiconductor  test
samples.
aims to reduce inspection time, and to analyze those
expenenced operator. This paper regards the chip
surface as random texture, and deals with the image
modeling of random texture image for searching the
surface defects.

For texture modeling, we consider the relation of
a pixel and neighborhood pixels as noncasul model,
and extract the statistical characteristics from the
random texture field by using the 2D AR model(Aut
-oregressive).

This paper regards an image as the output of
linear system, and considers the fidelity or
intelligibility criteria for measuring the quality of an
the performance of the processing
This

prediction error which is computed by substituting

image or

technique. study utilizes the variance of

the gary level of pixel of another texture field into
the two dimensional AR(autoregressive model) model
fitted to the texture field, estimate the parameter
us~ing the PAA(parameter adaptation algorithm) and
design the defect detection filter.

Later, we next try to studv the defect detection

search algorithm.

texture(¥E  2A), Image
processing  algorithm( 4221 71%), 2D AR model(2
29 Z71EAEY), Computer vision system(ZFEl
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