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Abstracts  Genetic algorithm(GA) is useful to find optimal solution without any special mathematical modeling.
This study presents to search optimal path of Autonomous Mobile Robot(AMR) by using GA without encoding
and decoding procedure. Therefore, this paper shows that the proposed algorithm using GA can reduce the com-

putation time to search the optimal path.
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Fig. 1. Flowchart of Simple Genetic Algorithm
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Fig. 2. Coordinates for Position of Mobile Robot

23 4y 3ol 74

2 dFdaM e Fold FAJBA AR E AFAEL X
o] & AR E Hostel PC(Pentium-100)e] 988 %l PCE ¢
Y dolHE EdZ AAYPY Wg FARL FAE Y4
A FAgRAFE ol &3t AQAF2E YAYt =% PCE
TAE AGH 29 doleg AAZE YA o5 WYy A
A, &= T dolHE vzl 4T Stepping Motord] 9
Hddlojelz Mgk APd Ydolel= 80196KC B/D=E 3
E% 2 (Serial Communication)22 Agd o] 80196KC
B/l A& $A1% Wolel§ Motor Driverdl HgstdA AY
Azgoz ol%& @t °|FF 80I96KC B/DSt PCx X3 %
AL oz UAX G Sxdoleg {5

LREF 71EY Yo EAEA G MZE FEF o F
e FNEE& Wd¥(Array Type)?dl & &3 (Ultrasonic) 4A
E °olFstd HE¥oh old 801%KC BMDAAME YHIPE
(Interrupt) & HA o] PCYe AL FD3n FolEe Yo
s} ANNE FAE FES Y[ FABY §X9 =274
g dolelE thA] PCE A4 3 F 71&E9 9 dojgqa F
7HUpdate)& @tk PCx M=ol HA4F dolg 9 7129
Holel & Al 83 O QMo 2R AYHAZE F, A4
7 2(Local Path)g A g3t 2EoA A3e}
a9 3& A 9% 3 FAZh

1194

Host

B0196KC
N i
{p-100)
LER 2.8 2]
(s 7n]
el
Sodoisty Ultrasonic

Meye.

29 3 AHES 3 7a¥ FAx
Fig. 3. A Simple Schematic of experiment
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Fig. 6. Process of Node Generation
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Fig. 9. A Minium Path of 50 Generation
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Fig. 10. A Minium Path of 200 Generation
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Fig. 11. A Minium Path of 500 Generation
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