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Abstract

membership functions, etc. Conventional fuzzy

reasoning method can not

- Fuzzy control systems depend on a number of parameters such as the shape or magnitude of the fuzzy

be easily appled to the multi-input

multi-output{MIMO) system due to the large number of rules in the rule base. Recently Z. Cao et al have proposed a New
Fuzzy Reasoning Method(NFRM) which turned out to be superior to Zadeh's FRM. We have extended the NFRM to handle
the MIMO system. However. it is difficult to choose a proper relation matrix of the NFRM. Therefore, we have modified the

evolution strategy(ES), which is one of the optimization algorithms, to do efficiently the tuning operation for the extended
NFRM. Finally we applied the extended NFRM with the modified ES to tracking control of robot manipulator.
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