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Abstract

A new method is proposed for tracking the optimum
points in nonstationary problem via genetic search. Cache
. Pool to save the past genetic informations is added to
population in search using Sexual Reproduction Genetic
Algorithm{(SRGA). In Cache Pool, elite chromosomes from
population are accumulated. A best Individual is made up
from these chromosomes in varying environment and
inserted into the newly reproduced population every
generation.. Experimental results indicate changing global
optima are accurately identified and followed.
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