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On-line Associative Memory Design For Temporal Pattern Storage and Classification
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Abstract

Many of the existing neural associative memories are trained and
recalled in separate modes and are not suitable for temporal pattern
storage and classification in that user must specify the time and length
of input patterns. In this paper, a new on-line temporal associative
memory model is presented. This memory is structured in layers of
neurons and each neuron has limited number of weights so that
calculation complexity can be considerably reduced and processing of
patterns can be achieved in real time.
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