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Abstract  This paper presents a design method for an on-line
adaptive neural networks based intelligent controlier. The proposed
neural controller, assuming PID controller is initially presented, leans
the equivalent behaviors of the existing PID controller initially and
switches to take over the PID control system. Then, it executes on-line
adaptation via evaluating its performance and minimizing user defined

cost function constantly so that the optimal control can be achieved.

The PID ¢ Hler and the proposed neural controller are investigated
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