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Abstract

This paper presents a visual servoing combined by evolutionary
algorithms and neural network for a robotic manipulators to control
position and orientation of the end-effector. Using the multi layer
feedforward neural network that permits the connection of other
lavers, evolutionary programming(EP) that search the structure and
weight of the neural network, and evolution strategies(ES) which
training the weight of neuron, we optimized the net structure of
control scheme, Using the four feature image information from CCD
camera attached to end-effector of RV-M2 robot manipulator having
5 dof, we generate the control input to agree the target image, to
realize the visual servoing. The validity and effectiveness of the
proposed control scheme will be verified by computer simulations.
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