'96 tHEHHVISHS StASEOE =2 (199. 7. 22~24)

AAHNEY JH HeAe] 2 I HA

HES AN -AAF-A LA

* X228 JjedTE BAACY
so A S ol A &4}
s AR ﬂﬂﬂlé-‘a‘t}ﬂ}

Neural Direct Adaptive Control and Stability Analysis

J. S. Chois - H. S. Kim#* - S, J. Kims* - O. S. Kwonss»

* DCS Team, R&D Center, POSCON
** Dept. of Control & Instrumentation Eng., Chonbuk Nat’l University
s«s Dept. of Control & Instrumentation Eng., Kunsan Nat’l University

Abstract - In this paper, method for direct adaptive control
of discrete nonlingar systems using neural network s
presented. Also, the stability problems are investigated in
sense of the Lyapunov stability conditions., Through extensive
simulation, the SODN is shown to be effective for indirect
adaptive control of nonlinear dynamic systems,
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