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Abstract

This paper presents Variance Reduction Techniques of the
Monte Carlo Simulation considering Non-Exponential Dist-
ribution for Power System Reliability Evaluation. Generally,
the components consisting of power system are assumed to
be exponentially distributed in their state residence time.
Sometimes, however, this assumption may cause a lot of
errors in the reliability index evaluation, Non-exponential
distribution can be approximated by a sum of several
Erlangian distributions, whose inverse transform is easily
calculated by using composition method. This paper proposes
a new approach to deal with the non-exponential distribution
and to reduce the simulation time by virtue of Vardance
Reduction Techniques such as Control Variate and Antithetic
Variate,
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