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ABSTRACT
The PID controller is widely wused due to its
fast response and robustness. But its performance is
not so good compared with moderm controllers such as
adaptive, robust, fuzzy, neural controller. Therefore, it
is natural to replace PID controller by modemn
controllers. But, the problem is that modern controller
can not be easilly applied to the real time process.
Hence, this paper proposes such a structure that PID
controller ard Self-Learning Fuzzy Controller{SLFC) are
in parallel with each other. The parameter of SLFC will
be updated by gradient descent method using
neuro - identifier. The usefulness of this hyhrid controller
will be proved by simulation results,
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