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Abstract

In this paper, we present a feedback structured adaptive
RF filter based on the recursive modified Gram-Schmidt
algorithm for short-term prediction of EEG signal. And the
performance of this proposed filter is compared with those of
linear AR model, RF filter, Volterra filter and RBF neural
network as single-step prediction and multi-step prediction.
The results show the superiority of this proposed filter in
prediction of EEG signals.
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