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ABSTRACT

The electronencephalogram (EEG) is a complex
electrical signal which reflects generalized brain activity.
The EEG is utilized in the clinical assesment of many
neurological and psychiatric disorders and offers promise
for monitoring of patients undergoing operation.  This
paper describes a technique for quantitative analysis of
EEG signals which is based on an eigenspace. Examples
of the application approach to simulated and clinical EEG

data illustrate the capabilities.
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