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ABSTRACT

This study presents the applicable possibility of numerical optimization and Genetic Algorithm in the design
of truss structures using discrete variables and real constraints. The introduction of Genetic Algorithm in the
design of truss structures enables us to do easier formulation and handle discrete variables. To investigate these
applicable possibility, the design of 15 - bar truss structures has been studied using GT/STRUDL and Genetic
Algorithm and the results of Genetic Algorithm are compared with GT/STRUDL’s
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1 0.9 0.01 0.9 0.01 0.034660
2 0.9 0.01 0.7 0.05 0.031699
3 0.8 0.01 0.8 0.01 0.032936
4 0.7 0.01 0.7 0.01 0.039587
5 0.92 0.001 0.92 0.00t 0.050661
6 0.8 0.05 0.8 0.05 0.049837
7 0.7 0.1 0.7 0.1 0.05840
8 0.9 0.01 0.92 0.001 0.043559
9 0.9 0.01 0.7 0.07 0.03826
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11 0.7 0.05 0.9 0.01 0.033903
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