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Design of BSB Neural Networks Using
Parametrization of Solution Space and
Optimization of Performance Index on
Domain of Attraction
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ABSTRACT

This paper presents an efficient design method to realize an associative memory with BSB
neural networks by means of the parametrization of the solution space and searching for the
optimal solution using an evolution program. In particular, the performance index based on
DOA analysis in this paper may make an associative memory implementation to reach on the
level of practical success.
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