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Abstract

In this paper, A new design method of fuzzy modeling is presented for the model identification of
nonlinear complex systems. The proposed fuzzy GMDH modeling implements system structure and
parameter identification using GMDH(Group Method of Data Handling) algorithm and linguistic fuzzy
implication rules from input and output data of processes. In order to identify premise structure and
parameter of fuzzy implication rules, GMDH algorithm and fuzzy reasoning method are used and the
least square method is utilized for the identification of optimum consequence parameters. Time series
data for gas furnaceare those for sewage treatment process are used for the purpose of evaluating
the performance of the proposed fuzzy GMDH modeling. The results show that the proposed method
can produce the fuzzy model with higher accuracy than other works achieved previously.
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Table 4. Comparison of identification error with conventional intelligent modeling methds
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