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ABSTRACT
In this paper, we provide the new alogorithm for maneuvering target tracking in clutter environment
using perception net. The perception net, as a structural representation of the sensing capabilities of a
system, may supply the constraints that target must be satisfied with. The results from perception net

applying to IMMPDA are compared with those obtained from IMMPDA.
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3. Perception Net
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Fig. 1 PNET representation of a LS system for Simulation
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