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ABSTRACT

In this study, the researches classifying the artificial and natural flaws in welding parts are
performed using the smart pattern recognition technology. For this purpose the smart signal pattern
recognition package including the user defined function was developed and the total procedure including
the digital signal processing, feature extraction, feature selection and classifier selection s treated by
bulk. Specially it is composed with and discussed using the staustical classifier such as the linear
discriminant function classifier, the empirical Bavesian classifier.

Also, the smart pattern recognition technology is applied to classification problem of natural flawti.c
multiple classification problem - crack, lack of penetration , lack of fusion, porosity, and slag inclusion,
the planar and volumetric flaw classification problem). According to this results, if appropriately learmed
the neural network classifier is better than statistical classifier in the classification problem ol natural
flaw. And it is possible to acquire the recognition rate of 80 % above through it is different a little

according to domain extracting the feature and the classifier.
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