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Fig.2.1 Concept of Proposed Lowflow Model
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Asrgande oA¥SE AN e HANIPEY 225 HAE 71 (Incremental
Dynamic Programming : IDP)& A 8-3] Hgton], IDP 7] @3 (A4AIte] 3o})e F835] 943
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3.2 5YU= 3 (Neural Network) et
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Objcetive Function F is as follows
Min=[2 © ot -Q wd )2XWT/n]03 ’VTrwce optimum hydsograph [ U )«
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WTi=(Qubserved +QmMA(2*Qm} Retrive F'y
here Qm= the average measured discharge
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Fig.3.1 Concept of TanK Model Parameter Fig.3.2 Flowchart og IDP Algorithm for
Optimization with IDP Tank Model’s Parameter
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Fig.3.3 Layer Neural Networks Method Fig.3.4 Recurrent Layer Neural Networks Method
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Fig.4.1 Schematic Representation of the Yeungchun -~ Hyungsan Reservoir System

2 A7 i A54AY 8P} FAAN AP AFALY Fo AL F, fAAy
(A), ATV, #& A5 F(V), B4 L ASFA(EL) 5& UL Table 4.17% 2},

Table 4.1 Reservoir Characteristics

Item Yeungchun Dam Ahngae Dam |
Basin Area ( kd ) 235 6.7
Storage Capacity (10%n%) 9, 640 1,765
Effective Storage (10*s”) 8,140 1,300
Normal  High Water Level(EL. m) 156.8 43.9
Dead Storage level (EL.m) 138.0 31.0

4.2 KBRS NS 3

W 1opwd, NI RNE 2709 MEQ 3 FX, BPe BKF9 279 dudE §9¢ 5F¢ wug
olgate] wws 2e AT VA SEVAZA 1992958 19943 FFY Fol L 2
9 f9el 7EF AR LA ATEA SFAAT ANRS FFEAE AN ES YA Dol
A ARE Aol eAE Haz se Hom AWED. REds INRDL vmsud AAdol
AWLE2 AEst FHES & 4 Aok BKE LnelET B FuAZe vmsuy Ane & 2ol
7t o 159} stgAIZkol A EKF/L BPRTE i) ARt § 2088 € 4 Utk 2 2l oste]
249 diANSe g otash B

Table 4.2 Estimation of Parameters by each Method

thod )
Parameter 1DP LN(BP) LN(EXF) RN(BP) RN(EXF)
Tank1H 23.01 23.22 23.21 23.23 23.23
- 1A§ 0.21 0.22 . 0.21 0.22
- 1H 15.12 15.22 15.27 15.19 15.23
-~ 1A 0.14 0.15 0.15 0.14 0.13
- 1B 0.20 0.22 0.23 0.23 0.22
Tank2H; 5.01 5.03 5.04 5.04 5.05
- 24 0.06 0.05 0.05 0.07 0.06
- 2B 0.08 0.07 0.06 0.06 0.07
Tank3H, 5.31 5.22 5.22 5.24 5.24
~ 34 0.02 0.02 0.02 0.02 0.02
~ 3B 0.03 0.04 0.04 0.04 0.03
Tank4H; 0 0 0 0 0
~ 47 0. 001 0.002 0.002 0.002 0.003
~ 4B 0 0 0 0 0
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A3l 7Yl S FRASFY g3t AMAZLS Table. 4.3% Table.4.40] Jehd ulst go] 4
FATE 22 dmA gou AT el go| Hels Aol At WxuAeld JYe gz
HgE 1Y vnd i HEe] e Bhout Alzle] AYsjo] ALAEge HHI) PolALE A
=7t E7tEE 14 n3xe 2¥ola ¥ £ vk = U EHIY 3L AF viEYdAdA A
HEQ3Z2 & o AALe) HEs 9 £ i1, P 1% FIUENIY nygpio]
7V 3th

Table.4.3 Comparison of Correlation Corfficient of each Method

Method 1992 1993 1994
1DP 0.811 0.821 0.801
LN(BP) 0.668 0.699 0.711
LN(EKF) 0. 683 0.736 ° 0.703
RN(BP) 0.839 0. 864 0.819
RN(EXF) 0.759 0.799 0.716

Table.4.4 Comparison of Computation Time of each Method

Method 1DP LN(BP) LN(EXF) RN(BP) RN(EXF)
Time(Min) 113.9 7.4 36.4 8.2 33.1

4.3 REHY S|

FAH HAlAl fFhde FEFY AEdlML VY Fd9 TR AP FFAAe
AR AT 9F(1992~1994d 6 BT 4 HE Jando] HEdo AREFS BE
o, olaf AT} A KU YFAFY ALAAE YD Figdla) £ b 2ok

R L L e s s o e s s e e s
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Fig.4.1(a) Comparison of Observed and Simulated Monthly Runoff at Yeungchun Reservior Basin
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Fig.4.1(b) Comparison of Observed and Simulated Monthly Runoff at Ahngae Reservior Basin

5.4 E

AFNA FEG-FAG-AAAE AAND A5 AL FAAS dstde @ FEF
2 787 9istel  IDPZ1Y, LNBPMHMY, LN(EKF) ¥, RNBP)W S 288t o njinise] 248
AAF Ast IDP71Ye A ARASe] e Zx vz gigro} Al4Azte] @ol Aule A
< Yehdth P EKFa vy o 250 Fre 2o Akl e Ho) Apaisge]
A7 BolA4E RFErt FriHE 145 DALY Wyold & 4 qlk

T UEYFY 742 LN RNWHo 2 & uf AjAlde HEE A £ g 2
AT n&o FIUEQIY rdFZo] 75t
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