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ABSTRACT

In recent years, neural networks have been developed as an alternative to traditional
statistical techniques. In this study, a neural network model was compared to traditional
forecasting models in terms of their capabilities to forecast passenger traffic for flights
between U.S. and Korea. The results show that the forecasting ability of the neural networks
was superior to the traditional models. In terms of accuracy, the performance of the neural
networks was quite encouraging. Using mean absolute deviation, the neural network
performed best. The new technique is easy to learn and apply with commercial neural
network software. Therefore, airline decision makers should benefit from using neural
networks in forecasting passenger loads.
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A g 2PN FF AL JAAPAEL FRAY AP JAA Z4F SAFH YUY 2d L
Ag3t o

o) AFE 9] Wl Wl AFEHS 2802 § og /1A 22 JF SAEM YY) A
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NET = Zwixi (1)
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= YauglSo] W 2 o] M(backpropagation)e|t}, W EZ 2y Aol UnzE-e Werbos[18],
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71N ¢ 2 (momentum)E A3 Aol UntsidelpH e B JAFE £83 8
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AzzdAold e Fe AT e AHSAVE FAVELE FAAF] A% 28 A
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FAU FAE AHEA RAER A 7HA FAFH dSEA AHAE ALgE 4 d A5 &
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U, wEUEYL 2 AA Y E5¢ 5L /1A Uk AA, FANELL FAlo A olite
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TEUESS AFAFYE T3t ggEel AT Ho2 deoly W (transformation) T
T e v, JAEML AR g BA SN0l AU EE T8 diAdlge 2dg A4
stojop @THILL AR, WAVEHLS xE ZFo7] 3l 4 1FENE ALFHoz A
(adaptive)dt= ®PA AR L 2E FAdolElE A -Z(adaption)flel FAHo 2 AT Fri5].
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FEUES L o8 714 @32 7HAT UG AA, FEYELL FIE 8o dFFolgdy
teolei7t a3k 53] Fold FaAd Fgol EAde Ftole FUAHLE @ F9 H
olel7t Hasditt. ey old Ao HAEMES X3 ddse dEFuddx FHEHe
3 dFoltt. EA, & WAUESYL 5HAE a7Ed2] AA, FHE waEviEgy u
Hrze wEVEYE 53 I ZYgto] ojEA AojFevldl Ui FAHA SAE FH31)
7t AHTHT].

3. ¥y e
31 =Holg 43

gE7] g 9 dE3E 4 FEVELY A5HU AAd FAVYEHe] SPunEAL
f3te] 1982 199 19939 129 ¢ #3F viF 94 @5y 5 AP dHole} n3Ze
gl Volpe National Transportation System Center[16]2%E] 4 =AUl €9 @44 $8 ¢
3 dlolele Al H(time plot)x ¥¥ AA M(seasomality)2 712 92 &dl= M (trend)E
BoZo o] dojge A FARRHY AFTHAL A8l 19 dolg ME(set)E FEEH
. FAAAE A% Tddiclel MEE AAENN A4-FERGS P43ty FARPES 7Y
HEgd o217tA] AdE AF3r] A3t ASHAY. A5H3E 9 HZdolel MEE 3
AN, A4HBY, FAUEL 42582 PZ87] 93 AT TR/ e 349,
6, 999} Al 71X FAdolglHES HEEHUD. dE 58 FldA AAE AXNF 1913EE
&3kl 34 1988d1¢€-1900d 12¢, 1985 1€-1900d 124, 1982%d 19-1990d 129 9] A
7HA 8] B8 7izte] FAdolglE AEEHT

A& (accuracy)= AAHE grolvd FA kel Zidigel drivt st ert e 328 4@
o & A¥TE 4549 @ dAgAtele] Ao ket B AT AYUEE FUUESY,
AAEH, As-gErd +Pujag 93te] FFHUUA(MAD: mean absolute deviations)oll
o8 ZPgct AU 4 BxHresidual e BRZES BHFgholth. F£§ B AFoAE
ZtErd 2Ry Aol AyPaddiEale] 2} (difference)oll WP SAH 33 A7 93y
F-3A%& AHg-3d

<E 1> Fddolgtet HF dHlolgl AE

F ol et ol
3d 6'd 94
1988-1930 1985-1990 1982-1990 1991
1989-1991 1986-1991 1983-1991 1992
1990-1992 1987-1992 1984-1992 1993




3.2 7P 4 (dummy variable)E 71+ AAYG AARA

E 47 AHSE dHolgle ARAYE AT &Aoo g 7 Fale 4F FAS Bol7] g
o €48 €474 £& d4%37] A8t Jhae AR N0l AgHAY s FARA e g
2345 Yehdi7] fste g e md-g AL

yt = TRy + SN; + & (5)

yt = Bo + Bit + BiXe1r *+ BaXszr ' * BpXsux + & (6)
A7IM yi= AT A G5 Foli TR AIZHE7] tollAl A4, SN Az toll Al
ABLQ, e AFE7] tAM A, By, By, B2 - ¢ By FEARA R B xay Xep, t ¢ -

X 7Mool AE B9 AIF7) w7} 19019 xge=10l3 190] obd B x.,=00]|t}.
3.3 Winters* A48

AFFEYS AALE FE3 d3sted AHSHe ios 28Xz W HA BEPS
o] Ao FEFPRTE FRIA FuhE L ugo s s oy 1EFe A oA
HolX HAAFE ALHoF 4ot B ATNA ALSH Holg HES F@ Adus e
el 7lol AEA Hlolete] AEF Winters' 4R E o] AMSEATE Winters'$g 9 A &
A ¥42 Bowerman® OComell(6]2 #%¥ 4 Ut}

34 wRYEY F=E(architecture)

B Q7dNE gzewelde] B8 +8H =g 7122 33 U1 A /A $8 4F

AHLE 7HAE 719 EVESS FAAAY] 9% dndEes Ayt Y 2HAws
9 £22 71 wEUESR QI 2Ye] 7w £2 Ao k. F 12709 4 FAW
7haseet 10 AIRM)3 9] 2ERA(E5 £)€ 71 FavEgndo] A= 117
M 99 Adasst e AMSE FMARE Ueig 9d 24EAe euFd
o & A% fsle 12, 15 17 247 g 713 FEUER R FAoE AES AT
L2 AR Y +5 ZAHRAL A 24N 8 A sl g Ae
BEARAAE 71 Y wde 55 A9tk Aamol= 43457 eYn 2AFA 3
ST HPE S A%t AHEEE 005 AHL 052 AFHAY. FH Fo] P2
ol EZ} FEUEHS] ANHUT oS Axprl AFS Act

4. AFAAFA

H2v 19919 1955 19933 129 5 A3 H0EE 7MA 1 370 dE3nde] FFERUAS
HebdTh FAUCBAES 39 W FYrate JFdNE RAVESYS] FF MADE 11302
2 Mg FL AFEdYL BAFYY £F F-A3 2 HFHolg MES BF MADE 7|Z0
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2 wEVEYH JALMRD L 5% fsEdM F43A UEE HAFT Fddolg
HEZL 639 S, AREE 7|Fo2 FANEYS] FF MADE 1068302 5 HAZ F& o
22d2 Jehlileoy F-AZdAE 5% foA5FdM FAUEY] 480 & 249 5
Andel £43+: F834 =2 ¥R BAFAG. FAEAES 9dd B FE
Ego] 106282 7HE W& Hd MADE RHFo 713 A dEF2doldi F-HE A= w7
B E Qo] 95%9] foAFEdA AAENN AFHIYPRTG $5F $49L RAF o) UFH
Aot AFARZRE #olF AMge FTARR AV} 39AA 69, 9do 2 Z27tE W FYUES
o] BF MADZ2 11302014 10683, 106282 A= o},

< 2> MADE 71202 dZ&redEe] $3u|n

Fadolet

=27 JEad 1991 1992 1993 B#d MAD
ALY 23799 11082 12354 15748°
3d A5H Y 9341 14122 16095 13186
TEVES 13645 10054 10206 11302
HAEH 11712 14027 10845 12195
69 A5HEY 6502 12804 12960 10755
TEUYEY 12715 9773 9562 10683
AN 14363 16296 14727 15129
od AR89y 12044 12441 18469 - 14318
FEHES 11807 9542 10534 10628

i3 MAD=(1991MAD+1992MAD+1993MAD)/3
T 96%2 RAFEAN FAUEYT} OE

5. d&

33 vF G £ 43S 93t FEES] AT J1E AAYG SARMA uw
HUg. 4FEAHE 33 FEUELe d&FEo]l FEAQ SARdNG 5% JFHA
% 53] A%xde 3 RIRVEHL o}F Hold £ RAFAY. AEE IV &
FAY L S3te] F8H TR FAUEHL A APAEAA e {88 BAETEsL
g+ A

TWEUERLE 71&9] FARARY Hold 4&358E RAFUY. o] A2 Blade W]
7F 43 38 FEUEY AT Egolof gdle] 4A ALY 4 U aE2 FF7] AHE
AAEL g4 9 AL A5 FAUEN AL AFHo g AGHo} ut.
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