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ABSTRACT

In this article a neural network adaptive observer is
proposed and applied to the case of induction motor
control. The high performance vector control drives
require exact knowledge of rotor flux. Because rotor time
constant is needed to observe rotor flux, the accurate
estimation of rotor time constant is important. For these
problems, proposed observer which comprises neural
network flux observer and neural network torque
cbserver is trained to leam the flux dynamics and torque
dynamics and subject to further on-line training by
means of a backpropagation algorithem. Therefore it has
been shown that the robust control of induction motor
neglects the rotor time constant variations
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