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A Study of Space Harmonics of Induction Motor
Using Artificial Neural Network
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ABSTRACT - This paper describes new tecknique

to obtain optimum value in calculating space

harmonics in the motor design. First, develops

general procedure in calculating slot
harmonics, MMI® harmonics, and systhesis of them.
And Artificial Network by
classical trained ANN it

computing diffefent input data more quickly.

then,trains Neural

method. Once also
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2.3 ¥l 22§} (Permeance Wave)
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PE (Processinf Element,Neuron, Interconnection,
Layer, Weighting Scheme (Correlation), Transfer
function, Training(Learning) , Input , Output
S0 olgojZ gla.
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