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ABSTRACTS

Studied on identification of nonlinear system with unknown
variables and adaptive control were successful. We need a
mathmatical model when control a dynamic system using
adaptive control technique, but it is very difficult due to
its nonlinearity. In this paper,we described about
performance improvement of error back-propagation
algorithm and learning algorithm of non-linear dynamic
system. We examined the proposed back-propagation learn
algorithm for through an experiment.
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