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Abstract - This paper proposes an effective algorithm for
automatic classification of power quality disturbances(PQD), EZ;S
where wavelet theory is utilized for the detection of PQD Al 2| | ;‘ é! é}
» e [~ N L= oy
and three neural networks such as MLP, RBF, MLP-Class 22 E’Jé ""—'l = ™
are combined in parallel to classify PQD. To demonstrate E‘|§ 7' =
the performance of the proposed system, simulation results :
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