‘95 thEMoiete siAlg s =R(1995, 7, 20~22)

2D d7golA e oA HE
ZIRES vlm 4

*F % 4

T

Comparison of Various Edge Delection Techniques
Using 2D Intensity Image

Yang, Woo Suk

Dept. of Electrical Eng.,

ABSTRACT

Edges are one of the most important features used in
various computer vision applications. Most of the known
edge detection techniques are categorized into three
gropus: First two approaches are to find gray level
changes using first-order or second-order differentiation.
The third method uses intrinsic propocties of edges such
as the result shown during scale space filtering.

In this paper, we study various kind of edge detection
techniques. Two images (Lenna image and a certain
image which is composed of step, ramp, roof, and other
artificial edge patterns) are used to compare different cdge
detection techniques and to verify the advantages and
disadvantage of ench techniques.
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