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ABSTRACT

The shape and width of fuzzy membership
function has an effect on performance of fuzzy
controller.

In this paper, neuro-fuzzy controller is proposed
to improve the control performance of fuzzy
controller. It has membership function, that is
adapt to plant constant by using trained neural
network. This neural network has been trained
with back propagation algorithm.

To show the effectiveness of proposed
neuro-fuzzy controller with adaptive membership
function, it is applied to plant (dead time + Ist
order) with various plant constant.
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Fig. 6. Multi-layer neural network.
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Table 2. Training pattern of neural network
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