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Abstract © This Paper presents a novel and systematic approach to
a self-learning controller. The proposed controller is built on a
neural network consisting of a standard back propagation (BNN)
and approxinate reasoning (AR). The fuzzy inference and knowledge
representation are carried out by the neural network structure and
computing, instead of logic inference. An architecture similar to that
used by traditional model reference adaptive control system (MRAC}
is employed.
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