‘95 hst Mo e stARscie =23 (1995, 7, 20~22)

MR N2 AgARe ol4d DC 2
& 549

"G, BAE, oI, AYS, W £E
Fadstz g A7)3es
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Abstract : This paper proposcs a design of self-tuning
fuzzy controller based on evolutionary computation.
Optimal membership functions are found by using
evolutionary computation.

Genetic algorithms and evolution strategy are used for
tuning of fuzzy membership function. A arbitrarily speed
trajectories is sclected to show the performance of the
proposed methods. Simulation results show the good
performance in the DC motor control system with the
self-tuning fuzzy controller based on evolutionary
computation.
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