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Nonlinear System Control using Neural Networks

Kee-Sang Lee, Tae-Geon Park, Jae-Hyung Lim, Jung-Dong Lee®
Dept. of Electrical Eng. Dankook Univ.

Abstract - In this paper, to alleviate the effect of
approximation error and discontinuous variation of the
controller parameters, the variable structure control
scheme using neural networks is presented. In the
proposed method, the variable structure control rules for
each local linear models are designed to reject the
effect of linearization error caused by linearization of
the nonlinear system, And neural network infer
approximate controller gains from combinaton of local
linear control gains

The proposed control methods can be used to control
nonlinear systems and it has robust characteristic
against system parameter variations and external
disturbances,
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