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ABSTRACT

In this paper, we pesent a speaker-dependent Korean
isolated digit recognition system. At the preprocessing
step, LPC cepstral coefficlents are extracted from speech
signal, and are used as the input of a Frequency Sensitive
Competitive Learning(FSCL) neural network. We carried out
the postprocessing based on the winning-neuron histogram.
Experimetal results indicate the possibility of commercial
auto~dial telephones,
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