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ABSTRACT
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ol F sty e d(state sequence)2 &d(hidden)sjo] g1,
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28o2e A(2)) LXYFE A dsd d43Q X
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2.3 o] 3E X HMM# 9482 HMMe ¥93

A&¥¥ HMMe {utaez ML(Maximum Likelibood)
wyof slaxst 2 solgE A4dds, WL o9
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Addte 44T HMME A% HMMBTE g8 %
& doletd 7 e Fdo A9
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m 49 R 33
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2244 /4, o, 4, AL 2, &, 4, % T, T4 99X 109,
oz 109e) 10804, F§o] AU ALY 294 2$&
5} o3 @A S99, o3} S3o] 10N] TP RolxgP
SHEE e oo, Yoz g o§SxN We
qolge oF #AFE AYF RARY A& F93%E o
o &8NG, FA4S XY AIAVEHEA mel-cepsturm AL S
HA2, £4 AS@ 24Y%7] 4 HMM ¥ 9§ 2
Y 3% T B¢ 4 RASEL ©o] 2N 24y R
o, 4 239 state 7 AFTE FUG RY Ad&¥E
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a1 823 a3s agy

Ay a4 f3g
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L |
i, s BT 12 w16
-2 N N _
92.6 2.0 3.0 948
o 95.6 9.0 3.4 94.8
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A . 1
Jol N . 10 12 14 i 16
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90.3 85.1 9.3 3.7
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A% B mixtre o T8 d4¥E HMMe A& @
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