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A Study on Word Recognition
using sub-model based Hidden Markov Model
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abstract

In this paper the word recognition using Sub-model based
Hidden Matkov Model was studied. Phoneme models were
composed of 61 phonemes in  terms of Koeean language
pronunciation characteristic.

Using this, word model was maded by serial concatenation. Bui,
in case of this phoneme com tion, the d and the third
phoneme of syllable are overlapped in distribution at the same time.
So vonsidering this, the method that bines the d and the
third phoneme 1o one model was proposed. And to prevent the
bined to

increase in number of model, similar ph were
one, and finially, 57 models wese created. [n experiment proper
model sguchire of wb-model was searched for, and tecognition
results were compared. So similar recognition results were maded,
and overall recognition rates were increased in case of using
parameter ¢ying method.
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