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Abstract

This paper presents the
SCHMM(Semicontinuous Hidden Markov Models} using
and One-Pass

recognition .o

jmprovement of the

discrete VQ(vector quanijzation)

algorithm for keywords Korean
continuous speech, The SCHMWM using discrete V@ is a
simple wodel that is composed of a variable mixture
gaussian probability density function with dynamic
wixture number,

that

recognition tates are enhanced by fathoming any

One-Pass algorithm is improved such
undesirable semisyllable with the low likelihood
and the high duration penalty, and computation time
is reduced by testing only the frame which is
dissioilar to the previously tested frame.

In recognition experiments for speaker-dependent
case, the isproved One-Pass algorithm has shown
recognition rates as high as 99,7% and has reduced
compution time by about 30% compared with the
currently available One-Pass algoritha,
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