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Stochastic Generation Model of Daily Precipitation Series
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(b) Dry - Wet Process

Fig. 1 Structure of Daily Precipitation Series
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Table 33 Compansons of the Observed and Generated Transition
Probability ¢ and # at Taegu
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Fig.3.2 Comparison of observed and generated number of (a)
wet day and (b) dry day for each month at Pusan.
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' period at Pusan.
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Table 3.1 Comparisons of the Observed and Generated Run Length of Wet Days at Seoul.
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